Effects of Different Vegetation Density and Type on Flooding in the Mundy’s Landing Area
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Introduction Results and Discussion
. . S— There was a 4.1% decrease in the total max water height across the The understory model showed little change from the original base

The Muncy S land.lng area has a.hls.tc.)ry of K@/ catchment area when the agricultural and human development areas model results, but there was a slight increase in flood height around the
ﬂOOd'.”g that has .|mpa.cted the mdw@qals s o were reforested. This shows that flood height could be reduced with the stream due to the increased Manning’s n in the vegetation around the
who live there. With climate change, itis f\J ‘ increased infiltration and vegetation roughness that a forested area stream.
predicted that flooding will become more orovides

. o a :
severe over t'm? due to more extreme Figure 1: Mundy’s Location at the state scale Similarly, when infiltration rates were increased to show what a flood The prediction model for the year 2100, run with Vicky’s precipitation
weather conditions. could look like with alder species present, the total max height across the data, showed a 0.5% increase in the flood height. From these results, we

| | boundary decreased by 2.7%. The Alder height range locations were can see that the projected growth rate of about half a foot a year will not

TUFLOW, a hydraulic modeling software, present primarily in the forested areas around the stream, and as a result be enough to completely mitigate the effects of the predicted increased
was used to better understand the effects of most of the flood height difference can be seen within those areas (Figure 8) orecipitation.
vegetation on flooding in the model 7 Total Sum (Meters)
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To set up the test models, the workflow of Meredith Swallom was followed - o0
i i Fi : Thi
(Swallom et al., 2025) using Kentucky’s phase 1 lidar data from KYFromAbove . / Cigure & This 35000
to create the vegetation layer. Once the base model was created, test models ; accumulated
flood height 34500

were constructed to represent different vegetation conditions. o HERE o NcrEvENTe Uscs i vson | T@SUts of the
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Figure 3: Materials Raster used to create the base model (created from phase 1 LIDAR data) Figure 6: Difference map of Base and Alder Figure 7: Difference map of Base and Reforested Figure 8: Difference map of 2100 and Base
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